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1
SYSTEMS AND METHODS FOR
IMAGE-BASED OBJECT MODELING USING
MULTIPLE IMAGE ACQUISITIONS OR
RECONSTRUCTIONS

FIELD OF THE INVENTION

Various embodiments of the present disclosure relate gen-
erally to medical imaging and related methods. More specifi-
cally, particular embodiments of the present disclosure relate
to systems and methods for image-based object modeling
using multiple image acquisitions or reconstructions.

BACKGROUND

Medical imaging and extraction of anatomy from imaging
is important, as evidenced by the many means of medical
imaging available. Common forms of medical imaging
include computed tomography (CT) scans, magnetic reso-
nance imaging, intravascular ultrasound, intravascular opti-
cal coherence tomography, angiography, and histopathology
optical images. CT scans are x-ray images of “slices” of a
scanned object. For example, CT scans are commonly images
taken as cross-sectional slices, perpendicular to the long axis
of the body. Cardiac CT scans may include calcium-score
screening and/or angiography. Calcium score screening scans
may be used to detect calcium deposits in coronary arteries,
contributing to predictions of heart problems. CT angiogra-
phy is CT scanning including intravenous (IV) contrast dye to
better show blood vessels and organs. Although also capable
of'producing tomographic images, magnetic resonance (MR)
imaging uses magnetic field properties to create the images.
Because CT and MRIimages are produced differently, result-
ant images highlight different tissue properties. MR images
offer better quality in soft tissue images than CT scans; CT
scans image bone and blood vessels in addition to soft tissue,
although the soft tissue detail is inferior to that of MR images.
Depending on the anatomy of interest and purpose of imag-
ing, CT and MR may be considered complimentary imaging
techniques.

Intravascular ultrasound (IVUS) is a type of imaging that
visualizes the inside of blood vessels. Whereas CT and MR
methods involve images taken as slices of a patient body,
IVUS images are achieved via a catheter traveling through an
artery or vein. Thus, IVUS images may essentially show
cross-sections of the artery or vein, from the center of a blood
vessel, out through the vessel wall and whatever diseased
portion may exist at the wall. Intravascular optical coherence
tomography (OCT) is an optical analog of the ultrasound
imaging of IVUS. IVUS and OCT are analogous imaging
modalities, but OCT’s use of light (in place of sound) offers
higher resolution images than IVUS. Briefly discussed in the
context of CT scans, angiography is an imaging technique
that employs an injection of a contrast agent into the blood
stream to better show vessels or vessel openings. While CT
angiography may be preferable for coronary disease detec-
tion, MR angiography is a viable alternative. Histopathologi-
cal optical imaging includes visualization of tissue on a
microscopic level. Histopathological imaging can be used to
identify tissue or detect for various biomarkers. One common
prerequisite for the analysis of histopathological images is the
localization of cells, tissue or other anatomical and cellular
objects within the images.

Based on images from techniques described above, ana-
tomical models may be extracted to measure one or more
properties of a patient’s anatomy (e.g., a tumor or cardiac
volume) or to support biophysical simulation (e.g., fluid
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2

simulation, biomechanical simulation, electrophysiological
simulation, etc.). In order to accurately measure anatomical
properties or predict physiological phenomena via simula-
tion, a very precise patient-specific model must be created of
the target anatomy. Imaging and subsequent extraction of
anatomical models of the heart, for example, is of special
importance. For instance, such imaging and modeling may
provide evaluation of coronary artery disease, such as when a
patient is suffering from chest pain, and/or a more severe
manifestation of disease, such as myocardial infarction, or
heart attack.

Patients suffering from chest pain and/or exhibiting symp-
toms of coronary artery disease may be subjected to one or
more tests that may provide some indirect evidence relating to
coronary lesions. For example, noninvasive tests may include
electrocardiograms, biomarker evaluation from blood tests,
treadmill tests, echocardiography, single positron emission
computed tomography (SPECT), and positron emission
tomography (PET). These noninvasive tests, however, typi-
cally do not provide a direct assessment of coronary lesions or
assess blood flow rates. The noninvasive tests may provide
indirect evidence of coronary lesions by looking for changes
in electrical activity of the heart (e.g., using electrocardio-
graphy (ECQG)), motion of the myocardium (e.g., using stress
echocardiography), perfusion of the myocardium (e.g., using
PET or SPECT), or metabolic changes (e.g., using biomark-
ers). For example, anatomic data may be obtained noninva-
sively using coronary computed tomographic angiography
(CCTA). CCTA may be used for imaging of patients with
chest pain and involves using CT technology to image the
heart and the coronary arteries following an intravenous infu-
sion of a contrast agent.

However, single images may be insufficient to create ideal
models. The foregoing general description and the following
detailed description are exemplary and explanatory only and
are not restrictive of the disclosure.

SUMMARY

According to certain aspects of the present disclosure, sys-
tems and methods are disclosed for modeling at least a portion
of a patient’s anatomy. One method includes: receiving a
representation of a target object for modeling; determining
one or more first anatomical parameters of the target anatomi-
cal object from at least one of one or more first images of the
target anatomical object; determining one or more second
anatomical parameters of the target anatomical object from at
least one of one or more second images of the target anatomi-
cal object; updating the one or more first anatomical param-
eters based at least on the one or more second anatomical
parameters; and generating a model of the target anatomical
object based on the updated first anatomical parameters.

In accordance with another embodiment, a system for
modeling at least a portion of a patient’s anatomy, comprises:
a data storage device storing instructions for modeling based
on patient-specific anatomic image data; and a processor
configured to execute the instructions to perform a method
including: receiving a representation of a target object for
modeling; determining one or more first anatomical param-
eters of the target anatomical object from at least one of one or
more first images of the target anatomical object; determining
one or more second anatomical parameters of the target ana-
tomical object from at least one of one or more second images
of'the target anatomical object; updating the one or more first
anatomical parameters based at least on the one or more
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second anatomical parameters; and generating a model of the
target anatomical object based on the updated first anatomical
parameters.

In accordance with yet another embodiment, a non-transi-
tory computer readable medium for use ona computer system
containing computer-executable programming instructions
for modeling at least a portion of a patient’s anatomy is
provided. The method includes: receiving a representation of
a target object for modeling; determining one or more first
anatomical parameters of the target anatomical object from at
least one of one or more first images of the target anatomical
object; determining one or more second anatomical param-
eters of the target anatomical object from at least one of one or
more second images of the target anatomical object; updating
the one or more first anatomical parameters based at least on
the one or more second anatomical parameters; and generat-
ing a model of the target anatomical object based on the
updated first anatomical parameters.

Another method includes: obtaining an initial model of at
least a portion of a patient’s coronary vasculature; determin-
ing one or more first anatomical parameters of the portion of
the patient’s coronary vasculature from at least one of one or
more first images of the portion of a patient’s coronary vas-
culature; determining one or more second anatomical param-
eters of the portion of the patient’s coronary vasculature from
at least one of one or more second images of the patient’s
coronary vasculature; updating the one or more first anatomi-
cal parameters based at least on the one or more second
anatomical parameters; and generating a final model of the
patient’s coronary vasculature based on the updated first ana-
tomical parameters.

In accordance with another embodiment, a system for
modeling at least a portion of a patient’s anatomy, comprises:
a data storage device storing instructions for modeling based
on patient-specific anatomic image data; and a processor
configured to execute the instructions to perform a method
including: obtaining an initial model of at least a portion of a
patient’s coronary vasculature; determining one or more first
anatomical parameters of the portion of the patient’s coronary
vasculature from at least one of one or more first images of the
portion of a patient’s coronary vasculature; determining one
or more second anatomical parameters of the portion of the
patient’s coronary vasculature from at least one of one or
more second images of the patient’s coronary vasculature;
updating the one or more first anatomical parameters with the
one or more second anatomical parameters; and generating a
final model of the patient’s coronary vasculature based on the
updated first anatomical parameters.

In accordance with yet another embodiment, a non-transi-
tory computer readable medium for use ona computer system
containing computer-executable programming instructions
for modeling at least a portion of a patient’s anatomy is
provided. The method includes: obtaining an initial model of
at least a portion of a patient’s coronary vasculature; deter-
mining one or more first anatomical parameters of the portion
of the patient’s coronary vasculature from at least one of one
or more first images of the portion of a patient’s coronary
vasculature; determining one or more second anatomical
parameters of the portion of the patient’s coronary vascula-
ture from at least one of one or more second images of the
patient’s coronary vasculature; updating the one or more first
anatomical parameters based on the one or more second ana-
tomical parameters; and generating a final model of the
patient’s coronary vasculature based on the updated first ana-
tomical parameters.

Yet another method includes: receiving an initial model of
cell locations and diameters of human cells; acquiring at least
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4

two histopathology images of at least a portion of a patient’s
anatomy; performing localization of cells in each of the at
least two histopathology images to identify cell center loca-
tions and diameters of cells in each image; creating a com-
bined estimate of cell center locations and diameters of cells
matched between each of the at least two histopathology
images; and generating a final cells model of cell center
locations and diameters based on the combined estimate.

In accordance with another embodiment, a system for
modeling at least a portion of a patient’s anatomy, comprises:
a data storage device storing instructions for modeling based
on patient-specific anatomic image data; and a processor
configured to execute the instructions to perform a method
including: receiving an initial model of cell locations and
diameters of human cells; acquiring at least two histopathol-
ogy images of at least a portion of a patient’s anatomy; per-
forming localization of cells in each of the at least two histo-
pathology images to identify cell center locations and
diameters of cells in each image; creating a combined esti-
mate of cell center locations and diameters of cells matched
between each of the at least two histopathology images; and
generating a final cells model of cell center locations and
diameters based on the combined estimate.

In accordance with yet another embodiment, a non-transi-
tory computer readable medium for use on a computer system
containing computer-executable programming instructions
for modeling at least a portion of a patient’s anatomy is
provided. The method includes: receiving an initial model of
cell locations and diameters of human cells; acquiring at least
two histopathology images of at least a portion of a patient’s
anatomy; performing localization of cells in each of the at
least two histopathology images to identify cell center loca-
tions and diameters of cells in each image; creating a com-
bined estimate of cell center locations and diameters of cells
matched between each of the at least two histopathology
images; and generating a final cells model of cell center
locations and diameters based on the combined estimate.

Additional objects and advantages of the disclosed
embodiments will be set forth in part in the description that
follows, and in part will be apparent from the description, or
may be learned by practice of the disclosed embodiments.
The objects and advantages of the disclosed embodiments
will be realized and attained by means of the elements and
combinations particularly pointed out in the appended
claims.

It is to be understood that both the foregoing general
description and the following detailed description are exem-
plary and explanatory only and are not restrictive of the dis-
closed embodiments, as claimed.

BRIEF DESCRIPTION OF THE DRAWINGS

The accompanying drawings, which are incorporated in
and constitute a part of this specification, illustrate various
exemplary embodiments and together with the description,
serve to explain the principles of the disclosed embodiments.

FIG. 1 is a block diagram of an exemplary system and
network for generating models from multiple patient-specific
anatomic images, according to an exemplary embodiment of
the present disclosure.

FIG. 2A is a block diagram of an exemplary method for
creating a patient-specific model from multiple images,
according to an exemplary embodiment of the present disclo-
sure.

FIG. 2B is a block diagram of an exemplary method for
processing various images and/or sets of images to produce
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final object parameters, according to an exemplary embodi-
ment of the present disclosure.

FIGS. 3A-3C are block diagrams of exemplary methods
for coronary vessel modeling, where a final volumetric model
includes probabilities that each voxel belongs to patient coro-
nary vessel lumen, according to an exemplary embodiment of
the present disclosure.

FIGS. 4A-4C are block diagrams of exemplary methods
for coronary vessel modeling, where the final model is an
object model of the centerline tree and lumen diameters of the
coronary vessel, according to an exemplary embodiment of
the present disclosure.

FIG. 5 is a block diagram of an exemplary method for
histopathological modeling from multiple optical images,
according to an exemplary embodiment of the present disclo-
sure.

DESCRIPTION OF THE EMBODIMENTS

Reference will now be made in detail to the exemplary
embodiments of the invention, examples of which are illus-
trated in the accompanying drawings. Wherever possible, the
same reference numbers will be used throughout the draw-
ings to refer to the same or like parts.

As described above, a new generation of noninvasive tests
have been developed that is based on modeling anatomy.
Thus, a need exists for accurate modeling. Specifically, there
is a need for accurately modeling coronary anatomy to assess
patient anatomy, myocardial perfusion, and coronary artery
flow. Such a method and system may benefit cardiologists
who diagnose and plan treatments for patients with suspected
coronary artery disease.

However, because image-based models generated from
single images may be insufficient, a need exists for a method
for modeling anatomy that may integrate imaging data from
multiple sources. For example, compiling multiple images to
produce a model may enhance complimentary information in
each of the multiple images and reduce imaging artifact in
various images. Furthermore, images from multiple imaging
modalities may be compiled to create more accurate models
and models that take advantage of the imaging strengths
unique to each imaging technique. For instance, CT and MR
images are sometimes considered complimentary. Creating a
model by integrating CT and MR images means that a user no
longer has to choose between the benefits of CT imaging
versus the benefits of MR imaging in analyzing anatomical
data. As an exemplary embodiment, a method for modeling
coronary anatomy is described in order to noninvasively
assess coronary anatomy, myocardial perfusion, and coro-
nary artery flow. However, such a method and system may be
suitable for any anatomy of interest. By extension, reinforc-
ing the advantages of each imaging technique by integrating
multiple images may also reduce the impact of disadvantages
(e.g., imaging artifacts) associated with various imaging tech-
niques.

Thus, the present disclosure is directed to a new approach
of using multiple images in order to create and provide an
accurate anatomical model. The extraction of an anatomical
model from an image is a common problem in biomedical
imaging. Anatomical models may be extracted to measure
properties of patient anatomy (e.g., tumor or cardiac volume)
or to support biophysical simulation (e.g., fluid simulation,
biomechanical simulation, electrophysiological simulation,
etc.). In order to accurately measure anatomical properties or
predict physiological phenomena via simulation, a precise,
patient-specific model must be created of the target anatomy.
The present disclosure involves the use of multiple images to
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achieve a patient-specific anatomical model. For example, the
present disclosure may take advantage of complementary
information in each of the multiple images or a reduction in
different types of imaging artifact in the different images.
Although it is possible to construct patient-specific models
from geometry derived from a single image, use of multiple
images produces a hyper-precise patient-specific anatomical
model.

The present disclosure is directed to integrating imaging
data from multiple sources to create a single, precise geomet-
ric model. Specifically, the present disclosure may receive
various types of images or different portions of a target object.
The present disclosure may average respective reference
images with multiple patient images to create a single geo-
metric model.

Referring now to the figures, FIG. 1 depicts a block dia-
gram of an exemplary system and network for predicting
coronary plaque vulnerability from patient-specific anatomic
image data. Specifically, FIG. 1 depicts a plurality of physi-
cians 102 and third party providers 104, any of whom may be
connected to an electronic network 100, such as the Internet,
through one or more computers, servers, and/or handheld
mobile devices. Physicians 102 and/or third party providers
104 may create or otherwise obtain images of one or more
patients’ cardiac and/or vascular systems. The physicians 102
and/or third party providers 104 may also obtain any combi-
nation of patient-specific information, such as age, medical
history, blood pressure, blood viscosity, etc. Physicians 102
and/or third party providers 104 may transmit the cardiac/
vascular images and/or patient-specific information to server
systems 106 over the electronic network 100. Server systems
106 may include storage devices for storing images and data
received from physicians 102 and/or third party providers
104. Server systems 106 may also include processing devices
for processing images and data stored in the storage devices.

FIG. 2A is ablock diagram of an exemplary method 200 for
creating a patient-specific model from multiple images,
according to an exemplary embodiment of the present disclo-
sure. For example, patient images that are obtained via vari-
ous imaging techniques or at different points in time may be
compiled to create a final model. The final model created may
depict different parts of anatomy or various aspects of the
anatomy, depending on the input images. Some embodiments
of'the method may include first obtaining a model of the target
anatomy object, to which patient images may be mapped.
Other embodiments of the method may further include refer-
ence images that may serve as a point of comparison for such
mapping. Method 200 may be performed by server systems
106, based on information, images, and data received from
physicians 102 and/or third party providers 104 over elec-
tronic network 100. The method of FIG. 2A may include
receiving a representation of a target object for modeling
(step 202). In one embodiment, the representation may be
stored on an electronic storage device (e.g., hard drive, RAM,
network drive, etc.). The representation may include an object
localization model (e.g., a boundary model or volumetric
model). The representation may also include, but is not lim-
ited to, an appearance model or shape model. In one embodi-
ment, the representation may be determined by a set of
parameters estimated from the images. The object localiza-
tion model may include a resultant object model based on the
estimated parameters. For instance, the resultant object
model may be comprised of a fully determined set of param-
eters. An exemplary set of parameters to determine an object
model is the assignment of a binary indicator value to every
pixel, the assignment of a probability or level set value to
every pixel. Another set of parameters that may be used to
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represent an object model is a set of 3D coordinates and
triangles to represent the triangulated surface of'a 3D object.

Step 204 of method 200 may involve receiving a reference
image that depicts the target object. For example, the refer-
ence image may be 2-D, 3-D, or 4-D, and the image may be
stored in an electronic storage device. In one case, the refer-
ence image may be directly associated with the target object.
Inanother case, the reference image may be selected based on
inferences from the resultant object model.

Then, step 206 may involve receiving a collection of two or
more 2-D, 3-D, or 4-D images that depict at least part of the
target object. For instance, this collection of images may be
specific to the patient. In one case, the images are stored
and/or transterred via an electronic storage device. As used
herein, the term, “image,” refers to an image regardless of
dimension. In addition, each element making up the image
may be referred to as a “pixel” or “voxel,” regardless of the
image size or resolution. For example, each element of a 2-D
image may be a pixel, regardless of the image dimensions.
Analogously, each element of a 3-D image or volumetric
model may be regarded as a “voxel,” for images or models of
any size or resolution. Step 208 of method 200 may include
processing the representation from step 202, the reference
image from step 204, and image collection of step 206 to
output final object model parameters. For example, step 208
may include outputting the parameters to an electronic stor-
age device and/or performing the processing using a compu-
tational device (including but not limited to a computer, lap-
top, DSP, cloud server, tablet, smart phone, etc.). In one
embodiment, method 220 of FIG. 2B may be an exemplary
method for performing the processing of step 208. In other
words, method 200 may employ method 220 to process gath-
ered information and produce the final object parameters
output in step 208.

FIG. 2B is a block diagram of an exemplary method 220 for
processing various images and/or sets of images to produce
final object parameters, according to an exemplary embodi-
ment of the present disclosure. Method 220 may also be
performed by server systems 106, based on information,
images, and data received from physicians 102 and/or third
party providers 104 over electronic network 100. The method
of FIG. 2B may include creating an initial set of parameters
for the object model using the reference image (step 222). For
example, in one embodiment, initial parameters may be deter-
mined by using an image segmentation technique. For
example, step 222 may include defining a set of parameters of
interest for the object model, and then determining the param-
eters for the reference image. Alternately, step 222 may
include determining a set of parameters available from the
reference image. Step 222 may further include determining
values of each of the parameters. In some cases, this set of
parameters may serve as initialized parameters.

Step 224 may include creating an estimate of some of the
object model parameters for each image in the collection
(received in step 206). The initialized parameters from step
222 may or may not be used to create the estimate. For
example, estimates may be made of more object parameters
than are included in the set of initialized parameters. Alter-
nately, estimates may be made for only a subset of the initial-
ized parameters or the full set of initialized parameters.

In one embodiment, step 226 may include updating or
merging the parameters from each image in the collection
with parameters and parameter values estimated from the
reference image. In one embodiment, image parameters from
afirst set of image parameters may be updated based on image
parameters obtained from a second set of images. For
example, image parameters may be merged by combining
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and/or averaging corresponding image parameters obtained
from multiple sets of images. Updating parameters may
include merging, combining, averaging parameters. Further-
more, updating parameters may include, both changes or
verification of existing parameters, as well as generating new
parameters. By merging the parameters, step 226 may lead to
step 228 of creating a combined estimate of the object. In one
embodiment, steps 222-228 may be repeated until the object
model parameters converge. The object model parameters
may converge into final object parameters. These final object
parameters may serve as the output at step 208 of method 200,
where final object parameters are output to an electronic
storage device.

Method 200 may be used to produce various models,
depending on the patient images used in step 206 and the
processing of those images in method 220. The following
disclosure presents several exemplary embodiments of, or
alternatives to method 200. In general, FIGS. 3A-3C are
block diagrams of exemplary methods for obtaining volumet-
ric models of probabilities that given voxels belong to a
patient lumen; FIGS. 4A-4C are block diagrams of exemplary
methods for producing final object models of patient center-
line trees and lumen diameters; and FIG. 5 is a block diagram
of an exemplary method to generate a final model of cell
locations and diameters. All of the images and final object
models discussed may be stored in and/or output to electronic
storage devices.

FIGS. 3A-3C depict methods for coronary vessel model-
ing, where a final volumetric model includes probabilities
that each voxel belongs to a patient coronary vessel lumen.
For example, different imaging techniques may produce
patient images that each portray a coronary vessel lumen in
some capacity. Each element (e.g., voxel) of each image may
carry some probability that it is part of a vessel. Forming a
composite of the images may therefore produce an accurate
model of a patient coronary vessel lumen. The model may
further include an assessment of the model’s accuracy at any
point in the model. In general, FIG. 3A is an exemplary
method of estimating the probabilities using CTA reconstruc-
tions; FIG. 3B is an exemplary method of modeling using
cardiac CTA images at different points in time; and FIG. 3C
models the coronary vessel from one or more cardiac CTA
images and a MR images.

FIG.3A is ablock diagram of an exemplary method 300 for
obtaining volumetric models of probabilities based on CTA
reconstructions. In one embodiment, coronary vessels may be
segmented using multiple cCTA images that represent mul-
tiple reconstructions. First, a parameterized representation of
a target object may be received and stored on an electric
storage device (e.g., hard drive, RAM, network drive, etc.)
(step 301). The target object for this instance may be the
coronary vessel lumen. For example, the representation for
step 301 may be a volumetric model of a patient’s coronary
vessel lumen, where each voxel represents the probability that
the voxel belongs to the patient’s coronary vessel lumen.
Probabilities may or may not be displayed. For example, in
one embodiment, probabilities may be displayed by showing
respective probabilities of each voxel belonging to the
patient’s coronary vessel lumen by displaying a high prob-
ability as a high image intensity and a low probability as a low
image intensity.

Step 303 may involve receiving multiple 3-D images from
a cardiac CT scanner, where each image represents different
reconstructions of the cCTA image for the patient. Recon-
structions may include, for example, images with different
kernels for filtered backprojection and/or iterative recon-
struction methods. Employing multiple reconstructions is
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useful in that each image reconstruction technique has differ-
ent advantages and disadvantages for different types of image
features. Each image reconstruction technique may be better
for some types of image features and worse at others (e.g.,
blooming, streaking, noise, etc.). Using the best aspects of
each reconstruction may help achieve a more precise object
geometry.

Step 305 may involve determining the probability that each
voxel belongs to the patient’s coronary vessel lumen. For
example, the probability may be determined by performing a
segmentation of the coronary vessel lumen in each image. For
example, any known technique for performing segmentation
to obtain voxel probabilities may be used, such as random
walker algorithms or machine learning algorithms that map
voxel intensities and their neighbors to probabilities. The
segmentation may be performed using any existing tech-
nique, and the segmentation may be performed for the coro-
nary vessel lumen independently with respect to each image.
For example, segmentation may be performed automatically
by a computer system either based on user inputs or without
user inputs. For instance, in an exemplary embodiment, the
user may provide inputs to the computer system in order to
generate a first initial model. For another example, the com-
puter system may display to the user a 3-D image or slices
thereof produced from the CCTA data. The 3-D image may
include portions of varying intensity of lightness. For
example, lighter areas may indicate the lumens of the aorta,
the main coronary arteries, and/or the branches. Darker areas
may indicate the myocardium and other tissue of the patient’s
heart.

Step 307 may involve averaging the probabilities (from
step 305) across the images to create a combined estimate of
the volumetric model of the probability of each voxel belong-
ing to the patient lumen. In one embodiment, steps 305 and
307 may be performed using a computer. Finally, the final,
averaged volumetric model of the probabilities may be output
(step 309), for example, to an electronic storage device. For
example, the averaged volumetric model of the probabilities
may be output in the form of a color overlay showing the
boundary of a level set on the probabilities, or as a set of raw
probabilities.

FIG. 3B is a block diagram of an exemplary method 320 for
obtaining volumetric models of probabilities based on CTA
images obtained at different points in time. As in method 320,
step 321 involves obtaining a parameterized representation of
a target object (e.g., a coronary vessel lumen). The represen-
tation may be a volumetric model of a patient’s coronary
vessel lumen in which each voxel represents the probability
that the voxel belongs to the patient’s coronary vessel lumen.
Similar to step 303, step 323 may involve receiving multiple
3-D images from a cardiac CT scanner where each image
represents a different reconstruction of the cCTA image for a
patient. Unique to method 320, the images may represent
acquisitions from a single patient, at multiple points in time
(e.g., time points within the cardiac cycle or an initial acqui-
sition and follow-up scan). Using images at multiple time
points means that each image may contain independent infor-
mation that may contain less artifact or better quality in dif-
ferent regions of the image. Method 320 may include using
the best aspects of each reconstruction to achieve a final
model of precise object geometry. The images for step 323
may be stored in an electronic storage device. For example, a
storage device may determine a new image acquisition and
update a final volumetric model by taking into account the
new acquisition.

Step 325a may reflect step 305 in determining the prob-
ability that each voxel belongs to the patient’s coronary vessel
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lumen. For example, step 3254 may include finding the prob-
ability by performing a segmentation of the coronary vessel
lumen independently in each image (using any existing tech-
nique). Next, step 3256 may involve choosing a reference
image. For example, the reference image may be arbitrary
among the acquired images, retrieved from a reference image
repository, selected intentionally from a set of acquired
images, etc. Then, 3-D registration may be used to register
each image to the reference image (step 325¢). In certain
embodiments, steps 325a-325¢ may be analogous to steps
3454-345¢ of F1G. 3C.

Step 327, like step 307, may involve creating a combined
estimate of the volumetric model by averaging probabilities
across images. However, the images for step 327 may include
patient images and the reference image. The image registra-
tion may be used to map each voxel to another voxel, meaning
mapping a location in each image to a location (or locations)
in the reference image and/or other images. The mapping may
be performed using any method such that voxels in two
images may be identified as being representations of the same
part of the target object (e.g., coronary vessel lumen). Since
the voxels correspond to the same part, the voxel probabilities
may be combined. Therefore, averaging the probability of
each voxel belonging to the patient lumen may create a
merged, averaged voxel probability for each voxel. Finally,
step 329 may include outputting the final volumetric model of
the probabilities to an electronic storage device.

FIG.3Cisablock diagram of an exemplary method 340 for
obtaining volumetric models of probabilities based on a plu-
rality of cCTA images that represent the coronary tree and a
plurality of cardiac magnetic resonance (MR) images that
also depict the coronary tree. Step 341 involves receiving a
parameterized representation of a coronary vessel lumen
stored on an electronic storage device, similar to steps 301
and 321. Again, the representation may be a volumetric model
of the patient’s coronary vessel lumen, in which each voxel
represents the probability that the voxel belongs to the
patient’s coronary vessel lumen. At step 343, in addition to
receiving one or more 3-D images from a cardiac CT scan,
step 343 may further include receiving one or more 3-D
images from a cardiac MR scan of a patient. Both CT and MR
cardiac images may be acquired to obtain different cardiac
information available from each modality (e.g., fine detail
with CT and viability with MR). Further, MR imaging may
exhibit fewer blooming artifacts near calcium than CT images
exhibit, so MR images may be more useful in some cases for
examining the geometry of calcified lesions. Both the CT
scan(s) and MR scan(s) may be stored in an electronic storage
device.

As previously stated, steps 345a-345¢ may be similar to
steps 325a-325¢, as applied to a context involving MR
images. These steps may all be performed using a computer.
Step 345a, like steps 305 and 3254, may involve segmenta-
tion that determines probability associated with each voxel
that the voxel belongs to the patient’s coronary vessel lumen.
Then, step 3455 may involve choosing an arbitrary image or
an image with the greatest spatial resolution as a reference
image. Thus, the reference image may, in some cases, have
the smallest voxel size. Step 345¢ may involve using 3-D
image registration to register each image to the reference
image from step 3455b. For example, step 345¢ may include
using 3-D image registration to register each voxel probabil-
ity in each image to each respective voxel probability in the
reference image. Steps 345¢ and 347 may involve creating a
combined estimate of a volumetric model by using the image
registration to map each voxel probability to a corresponding
voxel probability of the reference image. Again, in one
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embodiment, the mapping may create a merged (e.g., aver-
aged) voxel probability. Step 349, analogous to steps 309 and
329, may involve outputting the averaged, final volumetric
model of the probabilities to an electronic storage device.

FIGS. 4A-4C depict methods for coronary vessel model-
ing, where the final model may be an object model of the
centerline tree and lumen diameters of the coronary vessel.
FIG. 4A represents vessel modeling from a cardiac CTA
image and an intravascular ultrasound (IVUS) and/or intra-
vascular optical coherence tomography (OCT) image, while
FIGS. 4B and 4C are two embodiments of a method of coro-
nary vessel modeling from a cardiac CTA image and an
angiography image.

FIG. 4Ais ablock diagram of an exemplary method 400 for
coronary vessel modeling from a cardiac CTA image and an
IVUS/OCT image. For example, a parameterized representa-
tion of the target object (e.g., a coronary vessel lumen) may be
obtained (step 401). The representation may be a model of a
patient’s coronary vessel lumen in which each vessel is rep-
resented by a centerline and the lumen boundary is repre-
sented by a lumen diameter associated with each centerline
location.

Step 403 may involve receiving one or more 3-D images
from a cardiac CT scan and one or more intravascular images
of'the same patient. For example, the coronary vessels may be
segmented using one or more cCTA images that represent the
entire coronary tree and one or more [IVUS or OCT images of
at least a portion of the coronary tree. Going forward, the
term, “intravascular images,” may be taken to refer to the
IVUS and/or OCT images. Cardiac CTA and intravascular
cardiac images may be acquired due to difterent cardiac infor-
mation generated by each modality (e.g., complete 3-D vessel
tree from CT and high-resolution vessel geometry from intra-
vascular imagery). Furthermore, intravascular imaging may
exhibit fewer blooming artifacts near calcium than are exhib-
ited by CT. As a result, intravascular imaging may be espe-
cially useful for the purpose of examining the geometry of
calcified lesions.

For step 4054, a segmentation of the coronary vessel lumen
may be performed independently in each image to create
either a complete centerline tree (e.g., for the coronary CT
images) or a part of the centerline tree (e.g., for intravascular
images). This segmentation may determine the diameter of
the coronary vessel lumen at each location of the centerline.
Step 4055 may involve choosing an arbitrary cCTA image as
the reference image, and step 405¢ may involve using regis-
tration to register each object model or part of an object model
to the object model obtained from the reference image. Again,
each object model may be comprised of one or more center-
lines and/or one or more lumen diameters. For step 407, a
combined estimate of the object model may be created by
averaging the lumen diameter at each centerline location with
an estimate from each source (e.g., as determined from step
405q). All the steps of method 400 may be performed using a
computer, especially steps 405a-407. Lastly, a final, averaged
object model of the centerline tree and lumen diameters may
be output (step 409).

FIG. 4B is a block diagram of an exemplary method 420 for
coronary vessel modeling from a cardiac CTA image and an
angiography image. In one embodiment, step 421 may
include receiving a parameterized representation of a coro-
nary vessel lumen as a target object, where the representation
may be a model of the lumen. For example, each vessel may
be represented by a centerline and the lumen boundary may
be represented by a lumen diameter associated with each
centerline location. Step 423 may involve receiving one or
more 3-D images from a cardiac CT scan and one or more
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angiography images of the same patient. Again, coronary
vessels may be segmented using one or more cCTA images
that represent the entire coronary tree, but in contrast to
method 400, at least a portion of the coronary tree may be
segmented using one or more 2-D angiography images, rather
than (or in addition to) IVUS and/or OCT images. Cardiac
CTA and angiography images may be acquired due to differ-
ent cardiac information generated by each modality (e.g.,
complete 3-D vessel tree from CT and high-resolution vessel
geometry from the angiography). Furthermore, angiography
imaging may exhibit fewer blooming artifacts near calcium
than exhibited by CT, making it useful for examining the
geometry of calcified lesions.

In certain embodiments, steps 425a-425¢ may be analo-
gous to steps 445a-445¢ of FIG. 4C; and steps 425a-427 and
steps 445a-447 may all be performed using a computer. Step
4254q may involve performing segmentation of the coronary
vessel lumen independently in each image to create a com-
plete centerline tree (e.g., for the coronary CT images) or a
part of the centerline tree (e.g., for the angiography images).
The segmentation may determine the diameter of the coro-
nary vessel lumen at each point of the centerline. Then, an
arbitrary cCTA image may be chosen as a reference image
(step 425b) and registration may be used to register each
object model or part of an object model to the object model
obtained from the reference image. Each object model may be
comprised of one or more centerline(s) and one or more
lumen diameter(s). If viewing angles are available for the
angiography images, the information from that analysis may
be taken into account when registering the models (step
425¢). Step 427 may involve creating a combined estimate of
the object model by averaging lumen diameter(s) at each
centerline location with an estimate of the diameter from each
source (e.g., as given by step 425q). Step 429 may include
outputting a final, averaged object model of centerline tree
and lumen diameters.

FIG. 4C is a block diagram of an exemplary method 440,
also for coronary vessel modeling from a cardiac CTA image
and an angiography image. Method 440 may be used as an
alternative to method 420. Like method 420, method 440 may
begin with obtaining a parameterized representation that is a
model of a patient’s coronary vessel lumen, in which each
lumen is represented by a centerline, and the lumen boundary
may be represented by a lumen diameter associated with each
centerline location (step 441). Step 443a may involve receiv-
ing a 3-D image from a cardiac CT scan and one or more
angiography images of the same patient with viewing angles
for each angiography image. A further step 4435 may involve
receiving additional patient-specific information, such as, for
example, an upper and/or lower bound on total vascular vol-
ume. Step 445a, like step 4254, may include performing a
segmentation of the coronary vessel lumen to create a com-
plete centerline tree (e.g., for the coronary CT images) or part
of the centerline tree (e.g., for the angiography images),
where the segmentation may determine the diameter of the
coronary vessel lumen at each location of the centerline. In
contrast to the arbitrarily designated reference images from
step 4255, step 445b may choose the cCTA image as the
reference image. Then, step 445¢ may involve evaluating
whether all the 2-D projections of the geometric model onto
the 2-D angiography spaces match respective 2-D segmenta-
tions and constraints of the additional patient-specific infor-
mation. In one embodiment, the matching may be done in a
Bayesian framework if the projections are described as prob-
ability density functions. If a match is achieved, a geometric
representation may be extracted from the cCTA image (step
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447). Step 449 may include outputting a final object model of
the centerline tree and lumen diameters.

FIG. 5 is a block diagram of an exemplary method 500 for
modeling anatomy from multiple optical (e.g., histopatho-
logical) images. For example, optical images may be obtained
for various types of tissue. Tissue samples may be from sur-
gery, biopsy, or autopsy. Histopathological examination of
tissue samples may include processing multiple optical
images of the tissue in order to create a final model of cells of
the tissue sample. Such information may offer insight into
diseases affecting the tissue. The method may begin with
obtaining a parameterized representation of target objects
(step 501). In one embodiment, the target objects may be a set
of’cell locations in atissue sample. For example, step 501 may
include retrieving a model of cell locations and a diameter for
each location. Step 503 may involve receiving two or more
2-D or 3-D histopathology images of the same tissue sample.
Cell locations of a tissue sample may be computed from
multiple 2-D histopathology optical images. Multiple images
might be acquired to provide a hyper-precise localization of
all cells in the tissue sample. Step 505a¢ may then include
performing a localization of all cells in an image to create a
center location and diameter estimate for each cell. Then, an
arbitrary histopathology image may be chosen as the refer-
ence image (step 5055), and registration may be used to
register each cells model to the cells model obtained from the
reference image (step 505¢). In one case, each cells model
may comprise a center location and/or diameter for each cell
in a field of view associated with the tissue sample. Then, step
507 may include averaging center locations and diameter
estimates for each cell from all cell models. Based on the
averaging, step 507 may further involve creating a combined
estimate of the cells model. Again, an output of the final,
averaged model of cell locations and/or diameters may be
made (step 509).

Thus, modeling may be improved using multiple images,
whether the variations are images acquired from reconstruc-
tions, various imaging modalities, or acquisitions at different
points in time. Creating models by aggregating multiple
images permits the combination of benefits of different imag-
ing modalities models, reduces errors or imperfections in
individual image acquisitions, and strengthens the credibility
of'the final model. The technique of modeling using multiple
images may be applied to model any target object, anatomy of
interest, or information associated with that target object and/
or anatomy or interest.

Other embodiments of the invention will be apparent to
those skilled in the art from consideration of the specification
and practice of the invention disclosed herein. It is intended
that the specification and examples be considered as exem-
plary only, with a true scope and spirit of the invention being
indicated by the following claims.

What is claimed is:

1. A computer-implemented method of modeling at least a
portion of a patient’s anatomy, using a computer system, the
method comprising:

determining one or more first anatomical parameters of a

target anatomical object associated with a first segmen-
tation of image data;

determining one or more second anatomical parameters of

the target anatomical object associated with a second
segmentation of said image data;

calculating one or more updated first anatomical param-

eters based on the one or more second anatomical
parameters; and

updating a model of the target anatomical object, based at

least on the updated first anatomical parameters.
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2. The method of claim 1, wherein the image data includes
one or more first images and one or more second images.

3. The method of claim 2, wherein the one or more first
images include one or more computed tomography (CT)
scans obtained using a first reconstruction method, and the
one or more second images include one or more CT scans
obtained using a second reconstruction method.

4. The method of claim 2, wherein the one or more first
images include one or more CT scans obtained at a first time,
and the one or more second images include one or more CT
scans obtained at a second time that is different from the first
time.

5. The method of claim 4, further comprising:

designating one of the first images or second images as a

reference image;

using image registration to register each of'the one or more

first images and each of the one or more second images
to the reference image; and

calculating the one or more updated first anatomical

parameters by determining the average of a probability
that a portion of each first image represents a portion of
the target anatomical object and a probability that a
portion of each second image represents the portion of
the target anatomical object.

6. The method of claim 2, wherein the one or more first
images include one or more CT scans and the one or more
second images include one or more magnetic resonance (MR)
images.

7. The method of claim 6, further comprising:

designating one of the first or second images having a

maximum or optimum spatial resolution as a reference
image;
using three-dimensional image registration to register each
of the one or more first images and each of the one or
more second images to the reference image; and

calculating the one or more updated first anatomical
parameters by determining the average of a probability
that a portion of each first image represents a portion of
the target anatomical object with a probability that a
portion of each second image represents the portion of
the target anatomical object.

8. The method of claim 1, further comprising:

receiving a representation of a target anatomical object for

modeling, wherein the representation of the target ana-
tomical object includes one or more of a boundary
model, volume model, appearance model, and a shape
model.

9. The method of claim 1, further comprising:

receiving a representation of a target anatomical object for

modeling, wherein the representation of the target ana-
tomical object includes a model of a patient coronary
vessel lumen, the model including a plurality of voxels
representing a probability that each of the plurality of
voxels belongs to the patient’s coronary vessel lumen.

10. The method of claim 9, wherein calculating the one or
more updated first anatomical parameters includes determin-
ing the average of a probability that a voxel of a first image
belongs to the patient’s coronary vessel lumen and a prob-
ability that a voxel of a second image belongs to the patient’s
coronary vessel lumen.

11. The method of claim 1, wherein calculating the one or
more updated first anatomical parameters includes combin-
ing the one or more first anatomical parameters with the one
or more second anatomical parameters.
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12. The method of claim 1, further comprising:

determining a probability that a portion of the image data

represents a portion of the target anatomical object,
based on the first segmentation or second segmentation.

13. The method of claim 12, wherein calculating the one or
more updated first anatomical parameters includes determin-
ing the average of a probability that a portion of a first image
represents a portion of the target anatomical object and a
probability that a portion of a second image represents the
portion of the target anatomical object.

14. The method of claim 1, further comprising:

receiving a representation of a target anatomical object for

modeling, wherein the representation is determined
from the one or more first anatomical parameters.

15. The method of claim 1, further comprising:

assigning a probability or level set value to each pixel of the

image data.

16. A system of modeling at least a portion of a patient’s
anatomy, the system comprising:

a data storage device storing instructions for modeling

based on patient-specific anatomic image data; and

a processor configured to execute the instructions to per-

form a method including:

determining one or more first anatomical parameters of a

target anatomical object associated with a first segmen-
tation of image data;

determining one or more second anatomical parameters of

the target anatomical object associated with a second
segmentation of said image data;

calculating one or more updated first anatomical param-

eters based on the one or more second anatomical
parameters; and

updating a model of the target anatomical object, based at

least on the updated first anatomical parameters.

17. The system of claim 16, wherein the image data
includes one or more first images and one or more second
images.

18. The system of claim 17, wherein the one or more first
images include one or more computed tomography (CT)
scans obtained using a first reconstruction method, and the
one or more second images include one or more CT scans
obtained using a second reconstruction method.

10

15

20

25

30

35

40

16

19. The system of claim 17, wherein the one or more first
images include one or more CT scans obtained at a first time,
and the one or more second images include one or more CT
scans obtained at a second time that is different from the first
time.

20. The system of claim 17, wherein the one or more first
images include one or more CT scans and the one or more
second images include one or more magnetic resonance (MR)
images.

21. A non-transitory computer readable medium for use on
a computer system containing computer-executable pro-
gramming instructions for modeling at least a portion of a
patient’s anatomy, the method comprising:

determining one or more first anatomical parameters of a

target anatomical object associated with a first segmen-
tation of image data;

determining one or more second anatomical parameters of

the target anatomical object associated with a second
segmentation of said image data;

calculating one or more updated first anatomical param-

eters based on the one or more second anatomical
parameters; and

updating a model of the target anatomical object, based at

least on the updated first anatomical parameters.

22. The method of claim 21, wherein the image data
includes one or more first images and one or more second
images.

23. The method of claim 22, wherein the one or more first
images include one or more computed tomography (CT)
scans obtained using a first reconstruction method, and the
one or more second images include one or more CT scans
obtained using a second reconstruction method.

24. The method of claim 22, wherein the one or more first
images include one or more CT scans obtained at a first time,
and the one or more second images include one or more CT
scans obtained at a second time that is different from the first
time.

25. The method of claim 22, wherein the one or more first
images include one or more CT scans and the one or more
second images include one or more magnetic resonance (MR)
images.



